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the design of ITS that incorporates Al ethics, human-
centered Al, and human-Al hybrid adaptivity?

1. What are the core human values that are addressed in
the HAI-ITS prototype design process?

2. What results from the conceptual, empirical, and
technical investigations?.

3. How can the investigation results be reflected in the
prototype design?

Integration of findings from Conceptual, Technical and Empirical investigation to prototype design The study is continuously collecting data in Spring 2023

T m and the final result will be updated accordingly.
=== B Cotnrolling |
= Direct Quotes Pain points & Needs & Design discus Tech investigations |

Acknowledgments

The authors gratefully acknowledge the support of the
Good System for providing mentorship and fellowship
that facilitated our research. We would also like to thank
the community college students and instructors who
provided valuable insights into the topic. Finally, we
extend our appreciation to the diverse experts who
generously shared their professional insights with us,
helping to enrich the scope and depth of this study.

Prototype examples

Conceptual Framework  Methodological Framework Welcome!

C

Friedman & Hendry, (2019).

B Holstein et al. (2020)

HEAT Xu et al. (2022)

Framework

Determination and investigation of
values from both relevant philosophical
literatures and those explicitly elicited
from stakeholders

Hi, | am HITbot, your Al study partner.
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Although | work based on your learning data, | am
not perfect! Please help me create the most
personalized learning experiences for you!
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