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● Polarized political social media posts are complex for most 
machine learning models 

● These posts cause difficulty for models and humans alike
● Human and Machine analysis have benefits and drawbacks 
● Sentiment Analysis of polarized political social media content via 

machine learning has been established, but remains 
understudied in the context of generative AI

1. What sentiment do Chat GPT 3.5 and humans detect in polarized 
political discourse on Twitter?

2. To what degree do humans and Chat GPT 3.5 coding agree on the 
sentiment for polarized political discourse on Twitter?

3. What themes, topics and rhetorical strategies are employed in 
polarized political discourse on Twitter where human and machine 
sentiment scores disagree most frequently?

● Collected 6 millions polarizing tweets between 2016 and 2017 
using Twitter’s REST API 

● Selected a random sample of 1,000 tweets from each year
● Coded each tweet with both humans and Chat GPT 3.5
● Constructed a Human versus Machine Spread table to measure 

the agreements between the coders
● Negative values represent more disagreement and positive 

represent more agreement

● Generative AI methods do not fully understand the complexities 
of polarized political content without human input

● Human Sentiment Analysis is more nuanced than ChatGPT as 
humans can better understand complexity

● Our work urges caution in solely using ChatGPT-based 
sentiment classification for polarized political social media 

● Increased generative AI and human comparisons can better AI 
and make them more useful in this use case in the future

● Humans should are not the gold standard either as humans also 
face challenges evaluating polarized political social media 
content

● Generative AI needs to improve further before it can be relied on 
to interpret the sentiment of polarized political social media 
content

RQ1 - Analyzing the dominant sentiment of human coders 
and ChatGPT
● GPT does not fully think like a human, even if it scores are 

based on what it learned from millions of human inputs
● Human Coder Average Sentiment Score = 1.56
● Human Median Score = 2 & Human Mean Score = 2
● Chat GPT 3.5 Average Sentiment Score = 1.59
● GPT Median Score = 1 & GPT Mean Score = 1

RQ2 - Understanding how well machines and humans agree 
or disagree with each other
● Humans to GPT had 30.8% (Cohen's kappa) agreement
● 2 Humans got a score of 32.8% (Cohen's kappa) agreement
● Both scores are very low and ChatGPT is not far behind 

humans in this complex task
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RQ3 - Determining what themes, topics, and items cause the 
most disagreement between the two
● Sarcasm, profanity, misspellings, and abbreviations are 

negatively correlated for humans
● URLs/links are positively correlated for humans
● Reasons GPT could not evaluate some of the tweets due to 

short tweets lengths (<10 characters), URLs/links, and non-
keyboard characters
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